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Abstract 
Seattle has experienced an explosive rise in population in the last decade and there is no 
sign of this slowing down. There is a wealth of literature surrounding the way in which public 
transportation has an effect on the surrounding housing values however no hedonic study has 
been done on public transportation in the Seattle area. This study responds to the lack of analysis 
done on the effect that public transportation has in King County. 
We use a difference-in-differences and hedonic model to test the effect that the LINK 
light rail has on houses within a one-mile radius, particularly at the Beacon Hill stop. Utilizing 
data from the King County Assessor's office, we test to see the change in ideal distance from the 
light rail for three different time periods. Though the results support the stop having a positive 
impact on houses in close proximity, the data suggests that additional in-depth research and 
analysis is needed to build a more robust study for the entirety of the LINK line. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
1. Introduction 
  
         The UN estimates that 68% of the world’s population will live in urban areas by 2050. 
With this rise in population, the issue of transportation and movement is a pressing one that is 
being addressed by large metropolitan areas. Having easy access to public transportation is very 
valuable in densely populated urban areas.  This can be reflected in changing housing values, as 
analyzed by Hopkins (2017), where proximity to a public transportation stop was a significant 
factor in explaining housing values in a number of metropolitan areas. However, there is also 
evidence that living directly by a given bus or train stop can be undesirable, as there is the 
potential for increased crime and noise (Bowes, 2001). 
This study attempts to determine the optimum distance to a public transportation stop 
using the example of the LINK Light Rail in Seattle, which opened in 2009. The history of the 
LINK construction is long and embattled. Beginning in 1999, discussion regarding the light rail 
was met with many roadblocks- the price of the project was increased from $1.9 billion to $3.8 
billion dollars and three years of construction time was added as well (Garber, 2001).  In 
September of 2001, voters approved the 14-mile line, with an estimated cost of $2.1 billion and 
construction to begin as early as the summer of 2002 (Pryne, 2002). In March of 2002, Sound 
Transit began acquiring property for construction and in 2009 it operated for the first time, 
connecting Downtown Seattle to Sea-Tac Airport. The extension from downtown to the 
University of Washington later opened in early 2016 (Yardley, 2016).  
Between 2010 and 2018 Seattle was the fastest-growing city in the U.S, seeing 18.7% 
increase in population (Guy, 2018). With such an aggressive rise in population, there is an 
increasing need for public transportation. Approved by voters in 2016, Sound Transit plans to 
continue their expansion of the LINK light rail, adding three new stations in 2021 (Guy, 2018). 
The voters actions indicate that they see value in this light rail investment, however there is no 
  
quantitative measure that has been done to see whether or not this investment has a positive or 
negative impact on those that live closest to the LINK light rail stops.  
In this paper, we use a hedonic and difference-in-differences model of housing prices in 
our analysis to measure the effect that the LINK light rail has on real properties in King County. 
This model takes into consideration the housing characteristics, neighborhood characteristics, 
and accessibility characteristics to determine the price of a given property. By integrating the 
distance away from a light rail stop and additional coefficient values, we can see the effect that it 
has on the property from before the announcement of the light rail, after the announcement and 
during construction, and after the rail has been in operation for a number of years. Pan (2012) 
utilizes the hedonic model on the Houston METRORail line and found that the line had 
significant positive impacts on some properties, but negative impacts on properties closest to the 
stops. Other studies utilizing this model found mixed results on the effect public transportation 
has on property values.  
Because there hasn’t been a hedonic model done on housing values in King County, it is 
difficult to determine the effect public transportation may have on these property values. This 
study draws on the model used by Pan and others to measure the effect that proximity to the light 
rail will have on housing prices. The study utilizes a difference-in-differences model to analyze 
the true impact of the light rail at different stages of construction. Lastly, this analysis finds the 
“sweet spot” of proximity away from the light rail in terms of housing appreciation for all three 
periods. This paper predicts that the implementation of the LINK light rail has a quantitative 
effect on local property values in the King County area, altering the ideal location from the 
LINK light rail stop at Beacon Hill. 
 
  
 2. Literature Review 
         Since investment in public transportation is hypothesized to have a number of economic 
benefits, continued support of projects like the Seattle LINK are important to a city that has seen 
explosive growth in the past century and is predicted to continue this growth. Bhatta (2003) 
examines a number of studies that analyze the economic benefits of investment in public 
transportation. One of these hypothesized long-run benefits of public transportation investment is 
an increase in real property values. Contrarily, the only study reviewed by Bhatta regarding the 
effect of public transportation on housing values did not have any conclusive results. Other 
studies find more supportive outcomes, indicating that public transportation may have a positive 
quantitative effect on properties located closest to a rail or bus stop. 
         As mentioned, a number of studies employ a hedonic model in their analysis. Yu (2017), 
Pan (2013) and Martinez (2008) utilize this model, using the distance to a given form of 
transportation. Further, almost every study looks at the final sale value of a home along with the 
characteristics that each home has such as home square footage, number of bedrooms, and 
number of bathrooms to name a few. These measures are analyzed to assess the true effect that 
distance has on a house value. 
While many of the base level characteristics are the same, the way in which each of these 
studies define their spatial variables differ significantly. Yu (2017) conducted a study in Austin, 
Texas in which the researchers examined properties within a one-mile radius away from transit 
stops. The intent of doing so was to capture not only the willingness to access the given stop, but 
to also include access to other roads and forms of transportation captured within the one-mile 
radius. This is in contrast to Pan (2012) which looked at houses in a quarter-mile, one-mile, two-
mile, and three-mile radius. The study looked to capture the impact varying proximities had on a 
  
given housing value. One thing to note is that the wide radii used in Pan’s study was intended to 
capture the proximity to the given stops, and not include other forms of transportation that may 
be within the radii. 
Martinez and Viegas (2008) took two approaches to the model. First, they examined an 
all-or-nothing influence on proximity to public transportation and roads such as freeways, 
utilizing dummy variables to measure other forms of transportation accessibility. Second, they 
utilized a decreasing proximity function to entry points of public transportation, meaning that 
very low travel time to the entry points signified a high value on an accessibility measure and 
decreased down a reverse s-curve as travel time to a stop increased. The researchers expand on 
the hedonic model, including a spatial lag model as well. In doing so, their model considers the 
price of one house in one location and how it is affected by the price of another house in nearby 
locations. The study concluded that the proximity of a property to a metro line “leads to 
significant property value changes” and that both the hedonic and spatial lag model resulted in 
similar coefficients on the dummy variables used (Martinez, 2009). It should be worth noting 
that the study adds the spatial lag model in an attempt to conduct a more robust analysis, 
however many studies do not implement this model. 
         The results of these studies were mixed and there were a number of notable variables that 
may affect the way in which public transportation has an impact. For example, Bowes (2001) 
found that there was a significantly positive effect in neighborhoods that had high income, and 
significantly negative effects in neighborhoods with lower income. However, Pan (2012) found 
that there were significant positive effects across the board from proximity of the rail station. 
Further, the average sale price of homes sold within the observed radius, especially between a 
quarter-mile and three miles distance away, are higher than the average regional sale price. The 
  
houses that did not see as significant increase in prices were those located within a ¼ mile radius. 
This implies that the negative aspects which come along with public transportation (crime, noise) 
may have had a negative impact on those prices.  
 Chatham, Tulach, and Kim (2011) find different results with their study on the New 
Jersey river line. The study looked to find a quantitative justification for investment in public 
transportation, but found that the short-term impact did not provide this justification- meaning 
that the money spent on the project did not provide the value appreciation needed to make the 
case that the investment had value. Further, the net effect across all properties in a five-mile 
radius experienced a neutral and even negative impact from the investment. This illustrates how 
the effect of public transportation differs across both geographical area as well as transportation 
form.  
 Lastly, studies conducted in foreign countries also found some mixed results. Dorantes 
(2011) concluded that in Madrid a house located 1000 meters away from the metro stop was 
valued between 2.18% and 3.18% less than a house right next to the stop, going against the idea 
the direct proximity is a negative for the house value. Liou (2016) concluded that the distance to 
Taiwan’s mass rapid transport (MRT) did not have a significant influence on house prices in 
Taipei.  
         With such variation in the results of each study there is no key determinant in whether or 
not there will be a positive impact on housing values in a given city. Many of the studies provide 
a useful foundation for the data and methods that are utilized in this study. Given the explosive 
growth in Seattle and the lack of research done on the LINK light rail, there is motivation to 
employ a hedonic model to measure the impact that it may have on surrounding housing values. 
Further, none of the studies mentioned utilize the difference-in-differences test, as each look at a 
  
single year of data. Lastly, none of the studies utilize the coefficient values from their model to 
find the “sweet spot” away from the light rail in terms of housing appreciation. In conducting 
this test, we can see the true impact that the Beacon Hill light rail station has on surrounding 
properties in King County. 
 
3. Data Description 
         This study is based on housing values, their characteristics and the characteristics around 
them, and their location in relation to light rail stops on the Seattle LINK. The data found for this 
study comes from the King County Assessor’s office as well as the LINK light rail website. The 
Assessor’s office provides housing characteristics along with all sale prices of residential 
properties dating back two decades. The data includes sale price, sale date, number of bedrooms, 
number of bathrooms, square footage of the home, square footage of the property, year built, 
address, latitude, longitude, parcel number, and zip code. There are also other variables that are 
more subjective, such as condition. Condition is graded on a scale from 1-5 with one being the 
highest grade condition and five being the worst. This comprehensive dataset allows for the 
analysis of housing prices using relevant attributes. 
Three years of sales data and housing characteristics are chosen for the analysis- 1994, 
2005, and 2016. The year 1994 is selected because it is a time before both announcement and 
construction of the light rail had taken place. The year 2005 is situated between the 
announcement and opening of the light rail, with the intent to capture the hypothesized change in 
properties due to the rail construction. The year 2016 is after the opening of the light rail, which 
may capture the change in properties due to actual usage of the rail. Sale prices are adjusted to 
2018 dollars utilizing the average CPI for the years 1994, 2005, and 2016 from the Federal 
  
Reserve Bank of St. Louis (FRED). By utilizing these three distinct years we are able to conduct  
a difference-in-differences test that will illustrate the change in real prices from each time period.  
         Utilizing the latitude and longitude of each house and the location of each light rail stop, 
a spatial measure is made to determine the proximity of each house relative to the Beacon Hill 
station light rail stop. This allows for a proximity measure to be evaluated in the hedonic model 
for each house. All houses that are located further than one mile away are eliminated from the 
dataset to remove the effect of other light rail stations. The data used in this study are the general 
housing characteristics, the zip code, which will be a proxy for the neighborhood characteristics, 
and the distance from a given LINK stop to round out the hedonic model. Working in 
conjunction with the hedonic model is the difference-in-differences model to determine the true 
effect that the implementation of the light rail has on property values. The tables below define 
the variable names for the measurements described above. 
 
  
 
  
 
4. Model and Econometric Techniques 
         To test the effect of proximity on housing values, this study utilizes a hedonic model. The 
model combines all of the variables into three umbrella variables. The first set of variables are 
housing characteristics, which consists of the number of bedrooms, number of bathrooms, square 
footage of the home, square footage of the property, year built and the home condition among 
other items. The second variable is neighborhood characteristics, which will be captured by the 
zip codes. Lastly will be the accessibility and location characteristics.  
The model takes the following form: 
𝑉 = 𝑓(𝑃, 𝑁, 𝐴) 
V is the measure of the home's value, and f is the functional form of the three kinds of property 
attributes: P is physical attributes, N is neighborhood attributes, and A is accessibility attributes. 
The regression model that is traditionally used is as follows: 
𝑌𝑖 = 𝛽0 + 𝛽1𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 + 𝛽2𝑎𝑡𝑡𝑟𝑖𝑏𝑢𝑡𝑒𝑠. . . +𝑢𝑖 
 
  
Where 𝑌𝑖 is the sale price of the home in one of the three specified years. 𝛽0represents the 
intercept of the sale price. Each subsequent 𝛽 indicates the effect a given attribute of the house 
has on the value of that house. This allows us to look at the effect of given attributes on a house’s 
sale price. We build off of this model to conduct a difference-in-differences model to see 
whether or not the sale prices change due to the construction of the light rail. This study draws 
on techniques used by Acemoglu, Autor & Lyle (2002) who implement a difference-in-
differences model with continuous treatment. The difference-in-differences test will look at three 
different time changes. First, the test is conducted to analyse the difference between the year 
1994 and 2005, testing whether or not there was a change between before and after the 
announcement of the light rail had occurred. Second, a test is conducted for the years 2005 and 
2016, looking to determine the difference between the time after the light rail construction began 
to the time after the opening of the light rail occurred. 
The regression for each of the following tests are as follows: 
  𝑌𝑖 = 𝛽0 + 𝛿0 𝑦𝑒𝑎𝑟 + 𝛽1𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 + 𝛿1𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒+. . . +𝑢𝑖 
Where 𝛿0represents the change in the average house price between 1994 and 2005. This value is 
obtained by taking the difference in beta values for distance between the year 1994 and 2005. 
𝛽
1
captures the difference in housing prices between those closer and further away from the light 
rail stop. Lastly, 𝛿1illustrates the difference in the prices between those closer and further away 
from the light rail stop between 1994 and 2005. Included in this regression are the variables 
stated above that make up the hedonic model. Regressions to compare the other two years are 
also run, with the dummy for year being 2016 in order to capture the change in price between 
2005 and 2016. Lastly, to calculate the ideal distance for each respective year, 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒^2 and 
  
𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒^2 are created. These values are used to determine the ideal distance away from 
the light rail stop in 1994, 2005, and 2006.  
For the pre-treatment period, the equation to calculate the ideal distance takes the following 
form: 
𝑇𝑃𝑃𝑟𝑒 =
−𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 𝑐𝑜𝑒𝑓
2(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 𝑐𝑜𝑒𝑓𝑓2)
 
For the post-treatment period, the equation takes the following form: 
𝑇𝑃𝑃𝑜𝑠𝑡 =
−(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 + (𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 𝑐𝑜𝑒𝑓𝑓))
2(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2 + (𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 𝑐𝑜𝑒𝑓𝑓2))
 
By adding the year variable, interacting with the distance and distance^2 variable, this allows us 
to look at the impact that the light rail has from before construction, during construction, and 
after completion- giving us the ideal distance for a house to be located away from the light rail in 
terms of it’s appreciation in value. In order to obtain these values, the regression below is 
utilized. 
 
𝑌𝑖 = 𝛽0 + 𝛿0 𝑦𝑒𝑎𝑟 + 𝛽1𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 + 𝛿1𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 + 𝛿2𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒
2 + 𝛿3𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒
2
+ 𝛽2𝑍𝐼𝑃5 + 
𝛽
3
𝑃𝐿𝑈𝑆4 + 𝛽4𝐿𝑂𝑇𝑆𝑄𝐹𝑇 + 𝛽5𝑆𝑡𝑜𝑟𝑖𝑒𝑠 + 𝛽6𝑆𝑞𝐹𝑡𝑇𝑜𝑡𝐿𝑖𝑣𝑖𝑛𝑔 + 𝛽7𝑆𝑞𝐹𝑡𝐺𝑎𝑟𝑎𝑔𝑒𝐴𝑡𝑡𝑎𝑐ℎ𝑒𝑑 + 
𝛽
8
𝑆𝑞𝐹𝑡𝑂𝑝𝑒𝑛𝑃𝑜𝑟𝑐ℎ + 𝛽9𝑆𝑞𝐹𝑡𝐸𝑛𝑐𝑙𝑜𝑠𝑒𝑑𝑃𝑜𝑟𝑐ℎ + 𝛽10𝑆𝑞𝐹𝑡𝐷𝑒𝑐𝑘 + 𝛽11𝐵𝑒𝑑𝑟𝑜𝑜𝑚𝑠
+ 𝛽12𝐵𝑎𝑡ℎ𝐻𝑎𝑙𝑓𝐶𝑜𝑢𝑛𝑡 + 
𝛽
13
𝐵𝑎𝑡ℎ3𝑞𝑡𝑟𝐶𝑜𝑢𝑛𝑡 + 𝛽14𝐵𝑎𝑡ℎ𝐹𝑢𝑙𝑙𝐶𝑜𝑢𝑛𝑡 + 𝛽15𝐶𝑜𝑛𝑑𝑖𝑡𝑖𝑜𝑛 + 𝑢𝑖 
Hypothesis: 
H0: 𝑇𝑃𝑃𝑟𝑒 = 𝑇𝑃𝑃𝑜𝑠𝑡 
Halt: 𝑇𝑃𝑃𝑟𝑒 ≠ 𝑇𝑃𝑃𝑜𝑠𝑡 
  
 
The null hypothesis states that there is no significant difference, ceteris paribus, in the ideal 
distance to the Beacon Hill light rail stop between two time periods. The alternative hypothesis 
states that there is a difference in distances, implying that the light rail has a quantitative impact 
on housing values in King County. 
 
5. Econometric Results 
The two tables below summarize the results from the regressions. Table 3 measures the 
effect the announcement of the light rail on housing values-utilizing the years 1994 and 2005. 
Column (1) looks solely at the effect distance and year has on the housing value. Column (2) 
includes the variables 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2and 𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2, the variables that are used to calculate 
the ideal distance. Lastly, column (3) includes all of the hedonic variables to account for both 
internal and external variables that account for housing value. Table 4 includes the same values 
and regression coefficients, however it is run with data from 2005 and 2016. The hedonic 
variables are not included in the results summary for clarity. They can be found in the appendix 
attached. 
  
 
  
 
 
 
 
Table 3 looks at the difference-in-differences between 1994 and 2005. An important note 
in the regression is the increase in r-squared with the introduction of the hedonic variables. This 
illustrates that with all of the variables, the model explains 83% of the variation in the housing 
  
prices from 1994 to 2005. This is in contrast to Table 4, which looks at the change from 2005 to 
2016. The r-squared for this regression lies just above 30%. This difference implies that the 
impact of the light rail construction explained much of the change in housing prices in 2005, 
whereas the actual opening of the light rail does not explain as much of this change. This 
indicates that there are other factors, such as changes in population density or median income, in 
effect from the year 2005 to the year 2016. The regressions also provide the necessary values for 
determining the ideal distance for a property, which is calculated and analyzed below. 
1994 & 2005 
We utilize the distance and year*distance coefficients from Table 3 and the equations 
𝑇𝑃𝑃𝑟𝑒 and 𝑇𝑃𝑃𝑜𝑠𝑡 in order to determine the ideal distance for a household in 1994 and 2005. The 
equation to determine the ideal distance in 1994 is as follows: 
𝑇𝑃𝑃𝑟𝑒 =
−𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒
2(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2)
=
−505,582.9
−2(369,033.6)
=.685 
This number indicates that in 1994, the ideal distance from the then nonexistent light rail stop at 
Beacon Hill was .685 miles. We now do the same equation for 2005 to compare the effect that 
the construction of the light rail has on distance. 
𝑇𝑃𝑃𝑜𝑠𝑡 =
−(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒 + (𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒))
2(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2 + (𝑦𝑒𝑎𝑟 ∗ 𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2))
=
−(505,582.9 + (−5,169,745))
2(−369,033.6 + (3,292,010))
= .797 
This number indicates that in 2005, the ideal distance from the now under construction light rail 
stop at Beacon Hill was .797844 miles. The increase in distance implies that the construction of 
the light rail had a negative effect on the houses closest to the stop, as the ideal distance moved 
further away. Looking at the year*distance and year*distance2 coefficients in Table 3 explain 
how moving farther away from the light rail stop affects housing values. The variable 
  
year*distance is negative and year*distance2 is positive. This indicates that at first moving away 
from the light rail stop results in a loss in value, however there is a point in which the house 
appreciates the further away from the stop it is. This supports the value calculated above because 
the change from negative to positive indicates that being further away from the light rail stop will 
have a favorable effect the further away the house is. 
 2005 & 2016 
 We now utilize the values from Table 4 in conjunction with the same equations to 
determine the change in distance from 2005 to 2016.  
𝑇𝑃𝑃𝑟𝑒 =
−𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒
2(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2)
=
−(−5,175,018)
2(3,230,937)
= .800854 
This number indicates that in 2005, the ideal distance from the constructing light rail stop was 
.800854 miles. It is important to note that the value above and the value from 2005, 𝑇𝑃𝑃𝑜𝑠𝑡 are 
slightly different numbers. This indicates that there may be variations between the two datasets. 
However, the difference is negligible- it is only .00301 miles or 15.8928 feet. We now do the 
same equation for 2016 to determine the effect the opening and use of the light rail has on 
distance. 
𝑇𝑃𝑃𝑜𝑠𝑡 =
−(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒+(𝑦𝑒𝑎𝑟∗𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒))
2(𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2+(𝑦𝑒𝑎𝑟∗𝑑𝑖𝑠𝑡𝑎𝑛𝑐𝑒2))
=
−(−5,175,018+(14,901,204))
2(3,230,937+(−12,044,246))
=.551789 
This number indicates that in 2016, the ideal distance for a property was .551789 miles from the 
now operating Beacon Hill light rail stop. This is a significant change from the 2005 distance and 
indicates that the light rail had a positive impact on properties located closer to the stop, as the 
ideal distance decreased by roughly .15 miles. Further, this value is less than the 1994 distance, 
strengthening the hypothesis that the light rail has an overall positive impact on the surrounding 
housing values. Again looking at the variables at the year*distance and year*distance2 
  
coefficients in Table 4 explain why the coefficient for 𝑇𝑃𝑃𝑜𝑠𝑡, 2016 is lower than that for 2005. 
The coefficient shifts from positive (year*distance) to negative (year*distance2). This indicates 
that after getting too far away from the light rail stop, the value of the house begins to decrease. 
This helps to explain why the ideal distance in 2016 is closer than that of 2005 and further 
supports the hypothesis that the implementation of the rail had a positive effect on the property 
values.  
 Implications 
 Since the coefficients of the regressors of interest in Table 4 are significant, and the signs 
of these coefficients support the change in distance from 𝑇𝑃𝑃𝑟𝑒 to 𝑇𝑃𝑃𝑜𝑠𝑡, we can reject the null 
hypothesis that the opening of the light rail had no effect on the properties within a one-mile 
radius of the Beacon Hill stop. However, the lack of significance in the coefficients for distance 
and distance2 in Table 3 indicates that we cannot with certainty reject the null hypothesis that the 
construction of the light rail had a significant impact on ideal distance for properties from 1994 
to 2005.  
In all, the paper indicates that the opening of the light rail at Beacon Hill does lead to a 
shift in ideal distance for properties located within a one-mile radius. With high expected 
expansion in the Seattle area, this finding implicates how other stations and the expansion of the 
LINK may affect other neighborhoods in King County. However, the implication that each 
station has this effect in their respective location requires further examination, as this study only 
tests a single stop on the LINK line.  
Further, the values of the coefficients utilized while calculating ideal distance are fairly 
large. A one foot increase in distance away from the light rail correlates to a $2,822.20 increase 
in housing value, utilizing the distance*year value from Table 4. Regardless of the significance 
  
level, this is incredibly large and may point to a flaw in the data utilized. The lack of precise data 
for the county is a limitation that this study encounters. Additions of area code specific data 
regarding employment levels and median income would make this analysis more robust and 
build a stronger hedonic model for measurement. Unfortunately, this data was not available for 
the specified years and has potential impacts on the regressions.  
Lastly, it should be noted that this data should not be extrapolated to other cities, as the 
reviewed literature suggests each metropolitan area is unique and subject to a unique set of 
significant variables. Though the analysis does offer results in support of the hypothesis that the 
light rail stop affects ideal distance for properties, the data available does not provide sufficient 
variables in order to build a robust hedonic model. Further additions to the analysis and 
expansion of the studied area are necessary in order to determine the true effect of the light rail 
on the entirety of the line.  
 
Conclusion 
This study finds data to suggest that the opening of the LINK light rail station at Beacon 
Hill had a measurable impact on properties in the surrounding area. However, a number of data 
restrictions limit the strength of the hedonic model. This indicates that a more robust data 
collection is necessary in order to gain a stronger understanding of the light rail effect. Further, 
extension of the studied field to encompass each light rail stop will help build a stronger 
comprehension of the impact that the rail has in King County. Including items such as average 
income, job availability, and population density would help build a much stronger hedonic model 
and further add significance to the impact that the rail has. The study elucidates the necessity for 
further research and brings to light the impact the the light rail has at different stages of its 
  
development. With the rise of population in Seattle and no signs of that growth slowing down, 
there are many reasons to look further into the way in which the LINK light rail and other forms 
of transportation affect properties in King County. 
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